EEOE-3-1.3 -
202F 128

BINM
Light Industry Machinery

Vol. 40 No. 6
Dec. 2022

(B - 2]

DOI:10.3969/j. issn. 1005-2895. 2022. 06. 009

ETExbaguMNEeBEGRELTEE

X IF, KHEE, TRZ

(BHRIERKRTF L IEFR, ki &% 710613)

W OE AT E B AREAS B TIAT ARG R I B e tn R AR IR R — AR T R B e & B iR

KRBACH &, RAMAE T 2 XM SRR A — RO B BRI 2 A M 4%
KILGHE AP A G A, A BGRB8 % BARPT AT 69 AU E R ARk O m A R 4

£ 15 % PDC, *t i %4z
AF AT oy R AL B AU L A K, AN AL,

% ( pixel difference networks, PiDiNet)
e R, TR TARE

BB R S RA LSk ARe T AL SR AR BT AR B R & B4R ed 2m i A 4,

X B OGN R EA REARER R A ML 3T ERE

thE 422 . TP391.41;TNO11. 73 XERAREAD A

X EHE:1005-2895 (2022 ) 06-0052-07

Color Image Decolorization Algorithm Based on Efficient Edge Detection

LIU Ya,ZHANG Tuanshan, WANG Enzhi

(School of Mechanical and Electrical Engineering,Xi'an Polytechnic University,Xi’an 710613, China)

Abstract ; In order to better preserve the original contrast and detail features of color images after decolorization, a color

image decolorization algorithm based on efficient edge detection was proposed. Robustness and accuracy edge detection

was achieved by using pixel difference networks ( PiDiNet) through a series of candidate images generated by the linear

parameter model. The weight corresponding to the candidate image with the highest number of boundary points was

selected as the optimal solution of the mapping function.

Sensitivity to edge information was enhanced due to the

introduction of pixel difference convolution (PDC). Experimental results show that compared with other algorithms, the

proposed algorithm can preserve the details of original color images bette, and make the outline of the output image clear

and natural, and have better subjective and objective evaluation.

Keywords : edge detection ;decolorization ;linear parametric model ; pixel difference networks ; contrast preserving
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Figure 1  PiDiNet architecture
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Figure 3 Edge extraction map of color image
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Figure 4  Decolorization results of color image from Cadik dataset and BSDS500 dataset
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