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Abstract: An optimization method was proposed to solve the problems such as the low speed of loading and unloading,
the low stability of shelves and the low correlation of goods. First of all, the mathematical model was built, weights were
assigned to each objective function, and artificial increment was made to the more important objective function to
improve the sensitivity of the calculated value of the objective function, so as to achieve the purpose of self-
discrimination. Secondly, by introducing nonlinear dynamic motion parameters, an improved seagull algorithm was
proposed, and six kinds of benchmark test functions were used to verify the optimization ability of the improved
algorithm. The results show that the improved algorithm is superior to the original algorithm in result accuracy and
optimization speed. This model can improve the speed of goods in and out of storage and the correlation of goods, ensure
the stability of shelves, and effectively improve the utilization rate of three-dimensional warehouse.
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